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a Boosting Method Utilizing Label Reliability in Imbalanced Datasets
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In supervised learning, accurate learning requires accurate labels, and accurate labels requires accurate knowledge
and rich experiences. Domain experts are expected to label data. However, having such experts for all data is often
impossible because of its high cost and sometimes we have to make use of ’cheaper’ labels of amateurs. In such a
case, experts’ and amateurs’ labels are not discriminated even when amateurs’ wrong labels may make the resultant
classifier poor. We proposed Credit AdaBoost (CAB) that utilizes experts’ labels and suggested that CAB achieves
better classifiers than AdaBoost on various UCI datasets. But in reality, CAB faces a class imbalance problem;
CAB might not perform well on imbalanced datasets where the number of big classes overwhelms that of small
ones in experts’ data. In this paper, we propose a boosting method coping with the class bias by extending CAB.
An empirical study on internet video recommendation suggests effectiveness of our method on real world data.
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Algorithm: Credit AdaBoost
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