The 24th Annual Conference of the Japanese Society for Artificial Intelligence, 2010

3C3-4

A A LG EHEE S A T L
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Recommender systems try to find items that users would prefer by exploiting the users’ behavioral records. These
systems have simply shown their recommendation list of items. In this paper, we propose a system more actively

appeals to its users by offering discounting.
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x1 CNN.com - Web sites change prices based on customers’ habits:
http://edition.cnn.com/2005/LAW/06/24/

ramasastry.website.prices/
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