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In this research, we developed a system to provide directive advices of health and daily living to improve
health consciousness with considering individual action change tolerances and propagation effects and evaluated
the system. Moreover, we embodied advices by providing anonymized information of other healthy monitor (who

already change the bad behavior and improve health consciousness) having similar attributes.

As a result of

providing advices for 150 monitors based on their life records for about 2 months, we found that serendipity for
our advices was higher than that for normal health directive advices.
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