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Acquisition of the referential meaning and the functional meaning in a dining table situation
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Words have two kinds of meanings: referential meaning which refers to objects, properties, events, relations and actions in
the physical world, and functional meaning which exerts an influence upon listeners. Robots in everyday situations such as a
dining table situation need to understand both the meanings, and the paper proposes a method for acquiring the both meaning
through interaction in a dining table simulator. A robot in a simulator learns the referential meaning of words based on the
cooccurrence between the words and the objects or actions, and the functional meaning of words by reinforcement learning.
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