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Data Mining System for Time-series Data based on Hints
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This paper proposes a data mining system that discovers knowledge from time-series data based on hints. A user

inputs hints, and the system uses these as suggestive patterns for time-series data analysis.

The system predicts

future situations by using decision tree based on similarities between hints and time-series data. In this method,

the system can deal with user’s knowledge.

Furthermore, the system has a mechanism to improve hints using

genetic algorithm. By this mechanism, even if a user inputs bad hints, we can obtain good knowledge. This paper
describes details on the system and results of the experiment.
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