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In this research, I intend to obtain the image corpus from Web for understanding the semantics of images.
The tagged images on Flickr are automatically mapped to the corresponding WordNet synset and scored by the
suitability for a training data of generic object recognition. I will propose a method to utilize the built image

corpus for object recognition of the untagged and tagged images.

The benefit of this research is building an

automatic updating image corpus. I believe that the image corpus possibly improve the accuracy of the search and

classification drastically.
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‘ synset ‘ oo
1 star (astronomy) a celestial body of hot gases that radiates energy derived
from thermonuclear reactions in the interior
2 star any celestial body visible (as a point of light) from the Earth at night
3 star a plane figure with 5 or more points; often used as an emblem
4 | headliner, star | a performer who receives prominent billing
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