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Analyzing Temporal Patterns of Importance Indices Related to Technical Term Usages in
Research Documents
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In this paper, we describe a method for detecting temporal patterns of technical term usages based on importance
indices and clustering methods. In text mining, importance indices of terms such as simple frequency, document
frequency including the terms, and tf-idf of the terms, play a key role for finding valuable patterns in documents.
Although the purposes of each set of documents are not changed, roles of terms and the relationship among them
in the documents change temporally. In order to detect such temporal changes, we developed a method to extract
temporal patterns as clusters of importance indices of technical terms. Empirical results show that our method
has availability for assigning abstracted sense of technical terms by considering their temporal usages based on the

linear trends of the temporal clusters.
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