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We analyze a friendship network using attendance records of students. In an existing method, in order to make
networks, we need time-consuming methods, such as questionnaires, and so analysis for the network formation
was high-cost, and was not realistic. In this paper, we calculate friendship-score, the strength of friendship, using
attendance records of students and give the directed and weighted graphs by the score. By using these networks, we
analyze how friend pairs increase and how common properties of social networks, scale-free, cluster and small-world,
change. While the average shortest path length was around six, other properties grow in early stage and are steady
afterwards. Also, we compare some roles obtained from questionnaires to high-ranking students of centralities. The
centralities using degrees are effective to specify roles concerning leadership.
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