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Although an epidemic spreading through the network of human contacts has been widely studied using computer
models, the knowledge about the influence of the network structure on the outbreak is not sufficient. This is
because the types of the networks used in simulation are limited. In this paper, we examine the influence of the
network structure on predicition of epidemic outbreaks using SIR (Susceptible-Infectious-Removed) model and 12

networks with distinctive statistical properties.
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