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We have constructed a modular neural network model based on reinforcement learning and demonstrated that
the model can learn multiple kinds of state transitions with the same architectures and parameter values, and
without pre-designed models of environments. In this paper, our previously proposed learning model is applied for
a task of human-agent interactions, where the agent should be taught from a person about a sequence of pushing
buttons. We compare the performance of our learning model in the task with an ordinal reinforcement learning
and demonstrate the efficiency of our learning model for a human-agent interaction task.
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