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In multi-agent systems (MAS), the relations among agents greatly influence their performances and their
functions. Therefore, on the development of MAS, we think that a domain specific language (DSL) that can
concisely describe the connection relations is useful for compareing many variation of relations. Based on of
the observation of some MAS as algebraic data type. We propose such a DSL for MAS. Then, we implemented
it on a pure functional language Haskell. This enables separations of agent design and relation design, static

type checking and automatic parallel execution.
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