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The present paper describes a knowledge extraction method from Bayesian network user model based on the
fusion of large scale dataset with respect to behaviors in retail service. The categories of customers and items are
estimated from ID-POS data and questionnaire data by using a latent class model extended the PLSI method.
We construct the Bayesian network model from the variables that extracted from these large scale dataset and
demonstrated the knowledge extraction concerning the customer’s behaviors.
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