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A Proposal of a Kernel suitable for Interactive Document Retrieval Based on SVMs
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This paper describes an application of SVMs (Support Vector Machines) to interactive document retrieval using
active learning. We show that SVM-based retrieval have an association with conventional relevance feedback by
comparative analysis. We propose a cosine kernel which has the meaning equal with cosine similarity suitable
for SVM-based interactive document retrieval from the analysis. We confirm the effectiveness of this method and
experimentally compared it with conventional system in several representations of document vectors.
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*1  http://trec.nist.gov/
x2 Kernel-Machines: http://www.kernel-machines.org/.
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