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Analysis of Rendaku Voicing in Japanese using Logic Programming
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In this article, we try to analyze rendaku, phonological phenomena where two words are compounded. We construct a
small database containing positive and negative examples from a dictionary. Positive examples correspond to compounded
words whose head clear sounds of the latter words become voiced in compounding, and the head clear sounds of the latter
words of negative examples do not become voiced. The dictionary scopes on accent information, so we could consider
including prosodic influence. Also we add information of part-of-speech. We show that such information is useful to mine
some local rules, rather than comprehensive general explaining theory.
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