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A Consideration of Ignored Utterances Based on Post-Questionnaires
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According to subjective evaluation from results of questionnaires we consider features and the extraction method of
Ignored Utterances(lUs) in a conversation. Here, evaluating “contribution” and “intensity of feelings” for each utterance, We
regard 1U, which have low “contribution” despite high “intensity of feelings”, as important utterance. Through online-chat
experiments, we discuss the features of 1Us and the validity of the extraction method.
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