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Discovery of Frequent Patterns from Item Sets with their Classes
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This paper proposes a method that reflects the difference of conditions in the data collection. Here, the conditions
are the selection of goods, the release time of goods, the access path of goods, and so on. The method regards
the difference of conditions as classes. It efficiently discovers frequent patterns from item sets with their classes by
using two kinds of redefined supports. Also, this paper applies the method to 3 data sets in UCI Machine Learning
Repository and verifies the effect of the method by evaluating the difference of discovered patterns.
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