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Mining system for Time-series Data with User Input
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This paper proposes a method of data mining based on decision tree for time-series data. It is important in
practical areas to extract hidden knowledge by analysing time-series data. In particular knowledge that predicts
future is worth much in most cases. The decision tree approach is applicable to this purpose, however, simple

applications often cause problems.

We in this study a pattern, which is given by a user, is used as a hint of

knowledge discovery. We focus the scope of discovery on relating portions to the given pattern. As a result, the
resulting decision tree becomes simple and easy to understand. Then we can convent useful and effective knowledge
from the decision tree. We explain an outline of the system, and investigate experimental results.
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# 10 BRI R
stock No | series | hit | hit(%) | Sott | CCI(%)

1 329 103 31.3 15 72.8
2 329 136 41.3 5 63.4
6 329 127 38.6 33 58.3
13 329 132 40.1 7 90.9
17 317 118 37.2 17 69.5
F¥y 326 121 37.1 12 75.5

# 2: 729 Sl RG]
stock No | series | hit | hit(%) | Sott | CCI(%)

1 329 | 108 | 32.8 15 50.0
2 329 | 94 28.6 19 67.0
6 329 | 104 | 316 9 48.1
13 329 | 105 | 31.9 1 51.4
18 317 | 86 27.1 1 46.4
B 326 | 105 | 32.1 7 56.7
£ 3 a—F AN OFEDZE
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stock | Sott | CCI | Sott | CCI | Sott(%) | CCI(%)
1 15 | 72.8 | 93 | 63.3 15.8 9.5
2 5 | 634 ] 53 | 70.6 9.4 -7.2
6 33 | 583 | 73 | 54.8 45.2 3.5
13 7 1909 | 8 | 61.5 8.4 29.4
17 17 | 695 | 7 | 64.8 | 2429 4.7
) 12 | 755 | 65 | 63.0 18.8 12.8
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