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Machine learning from numerical data in ILP using constraint logic programs
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In recent years, study uses ILP as the method of data mining.However, machine learning from numerical data
using ILP is difficult, because numerical data is recognized symbolic data in ILP. Therefore, this paper proposes
a method of learning both logical expression and range of numerical data by generalizing given positive examples
and using a concept called ”convex hulls”. To compute convex hulls is to get the smallest field represented by
numerical value. This method is to implement program which computed convex hulls using a linear solver the
CLP(Q) library in ILP system ”GKS”. Accordingly, with this method learning from numerical data is possible
under conditions, which are two attributes including numerical value and three different types of numerical value

exist in given examples.
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