The 28rd Annual Conference of the Japanese Society for Artificial Intelligence, 2009

Jotugbooobobouobtdoboobouoobuoboon

Learning Method of Named Entity Recognizer using Dictionary and Untagged Corpus

Ooooo *1%2
Masaaki TSUCHIDA

oooog*t
Hironori MIZUGUCHI

ooooo*s
Hayato OHWADA

oooo*
Dai KUSUI

ANECOOOOODOOOOO0OOoOoOo
Common Platform Software Res. Labs., NEC Corp.

“00000000000000000

Department of Industrial Administration, Graduate School of Science and Technology, Tokyo University of Science

#“000000000000000g

Department of Industrial Administration, Faculty of Science and Technology, Tokyo University of Science

In this paper, we present a method to learn information extraction rules by dictionary and untagged-corpus for
human-annotation-cost reduction. Here, dictionary consists of examples of extraction objective information and
those classes information. Our method detects false positive (FP) and false negative (FN) from incomplete training
data which contains some errors and missing class data to be generated by dictionary and untagged corpus, and
learns information extraction rules using training data which FP and FN were rejected. In experiment with named
entity task in Japanese, we had confirmed effectivity of our proposed method compared with baseline method not
to reject FP and FN from incomplete training data by evaluation of macro-average f-measure.
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