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A Meeting Browsing Support System for Public Involvement
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This paper presents novel methods for browsing a long minute of public meeting. Facilitating public involvement
for community development needs a lot of effort and time for sharing context and concerns among citizens and
stakeholders. The two issues we addressed relate to how to best provide support for these people. The first issue is
to support for overviewing the changes in a long meeting to track and to find intended arguments. For this issue,
our system visualizes the transition of topics in the meeting on the basis of “Overview first, zoom and filter, then
details on demand.” The second issue is to support for understanding the background of arguments. For this issue,
our system provides information related to a transient topic specified by a user. These approaches support citizens
and stakeholders to find, to track, and to understand a target argument from a long meeting record.
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