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Identification of agreement and disagreement relations between utterances
in meetings using structured output learning
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We propose a new method, which enables the training of a kernelized structured output model. The structured output learning is
gaining popularity in natural language processing. Meanwhile the kernel method is effective in many natural language processing
tasks, since it takes into account the combination of features. However, it is computationally difficult to simultaneously use both
the structured output learning and the kernel method. Our method avoids this difficulty by transforming the kernel function and

enables the kernelized structured output learning.
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2. Passive Aggressive algorithm
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Algorithm 1 Passive Aggressive Algorithm

Input: S = ((x,y®), ..., x™ y™y) C
1: initialize model
2: for iteration =1,2,...do
32 fort=1,...,Ndo
4 get most violated label y
5 if (7 # y¥) then
6: calculate 7 from p(y ¥, 3)
7 update model
8 end if
9:  end for
10: end for
11: return model

000000000 KOOOOOOOO0OOO0,00000
ooooooo (¢9,x®,yY)yooo wooooo.ooo
0000000000000000:

T(t)K((IJ(X(t), y(t))7 @(x(i), y))
) x(® y©Oyew

y = argmax
yeY

ooooooooobooooooo,0ooooboooooon
ood:

y = argmax Z WK (@O, y®), &(xD,y)) + 1/p(yD, ).
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3. Problem Settings
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4. Transformation of Polynomial Kernel
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4.4 Analysis
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