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Real Time Search Taken Risks into Consideration in Uncertain Problem Spaces
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Real-time search is one of the most effective way when an agent can observe only limited information from its
environment. However, if a heuristic value differs from a real value, an agent with these existing algorithms falls
into the "wrong” state whose heuristic value is small, and the agent might have difficulty reaching to a goal. In
addition, because the existing real-time search algorithms have not considered the dynamic change of problem
space, Efficiently solving the search problem in uncertain problem spaces is difficult.In this paper, we propose a
real-time search algorithm by looking ahead to avoid falling into a state where the heuristic value is small. In
addition, to solve search problems efficiently, we propose a method that determines the action by considering the

risks.
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