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Proposal of network growth model on Social network services
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As a part of the steady growth of new network communication tools, the expansion of Social Network Services is
becoming a phenomenon impacting societies all over the world. Along with the increased interests in SNSs, their
network structures are receiving a lot of attention.In this paper, we proposed a growth model of SNS networks.We
performed numerical simulation to verify the validity of the proposed model. We compared networks generated
by the proposed model with data from two actual SNSs. We also generated networks by the proposed model, and
compared it with actual data sets. Results of the simulations showed that the proposed model is able to represent

the network structures of the actual SNSs.
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