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Meaning Acquisition from Interaction Data under Pressure
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We discuss an algorithm that learns the meaning of action and evaluation instructions in a navigation task. In the
navigation, a human navigator freely gives an agent instructions via a microphone. From these speech data several
candidates of meaningful phrases are automatically extracted and each of them is associated with the meaning of
the instruction based on their co-occurrence, recurrence, and statistical significance. For verifying our method, we
conduct an experiment in a labyrinth task and demonstrate its potential.
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