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The effect of false-name bids in first price auctions
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This paper gives an analysis of Bayesian Nash equilibrium in first-price combinatorial auctions, where partic-
ipants/agents can use false-name bids. False-name bids is ones submitted by a single agent who uses multiple
fictitious names such as multiple e-mail addresses. It is well-known that even the celebrated Vickrey-Clarke-Groves
(VCG) auction mechanism is influenced by the false-name bids. However, it is not so far investigated how false-
name bids affects the outcomes of first-price combinatorial auctions, which are widely used in realistic settings.
Thus, this paper reveals the effect of false-name bids in first-price combinatorial auctions, utilizing Bayesian Nash
equilibrium concept via theoretical analysis and simulations.
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Algorithm 1 000000000000 ODOOCCOOOOO
1: count «— 0

2: €+ 0.001

3 i+ 1

4: while count < |I| do

5: count + +

6: t—0

7: b — B—L[t]

8: whilet < ndo

9: if 6E!/6b =0 then
10: ﬁz[t] —b

11: t+ +

12: b — ﬁz[t]

13: else

14: b« b+ dEL/5b x €
15: count < 0

16: i+ +

17: if ¢ > |I] then

18: i+ 1

19: return
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