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This paper proposes a new computational model of visual attention and perceptual organization in which parallel
preattentive points on a saliency map are organized into sequential selective attended segments through figure-
ground segmentation on dynamically-formed Markov random fields. Selective attention to segments is controlled
based on their saliency, closedness and attention bias. Attended segments are maintained in a visual working
memory and perceptually organized by their adjacency. Experiments were conducted by using images of plural
categories in an image database and showed that selective attention was turned to objects of specified categories
and that part segments of each object or salient context of objects were perceptually organized.
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