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Recent advance of satisfiability (SAT) technologies has been tremendous and several problems such as planning,
scheduling and packing problems are successfully solved with SAT solvers. In this paper, we show a SAT-based
approach for analyzing biochemical pathways. We review a previously proposed approach where a weighted Max-
SAT solver was used to compute possible reaction states in biochemical pathways. We show how this problem can
be solved using a SAT solver. In our approach, we translate a given biochemical pathway into a SAT problem. One
of the advantages of this method is that it generates only feasible solutions by utilizing minimal models. In the
experiments, we attempt to compute reaction states in the glycolytic pathway and compare them with the previous

result from the literature.
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