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Link Analysis for Privately Weighted Graphs
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Link analysis methods have been used successfully for learning valuable information from the link structure
of mutually linking/citing entities. Existing link analysis methods have been inherently designed based on the
fact that the entire link structure of the target graph is observable such as public web documents; however, link
information in graphs in the real world, such as human relationship or economic activities, is rarely open to public.
If link analysis can be performed using graphs with private links in a privacy-preserving way, it enables us to
rank entities connected with private ties, such as people, organizations, or business transactions. In this paper, we
present a secure link analysis for graphs with private links by means of cryptographic protocols.
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O 2: Max degree v.s. computational time in the link-aware model.
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