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Rule extraction from natural language and manufacturing knowledge systematization
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Abstract— Due to the “Year 2007 problem’ (2007 is the beginning year when the baby-boomers reach the age of
retirement), the need to plan for skill succession is now widely recognized in Japan. [1] [2] In addition, merge and acquisition
(M&A) and overseas manufacturing are accelerating a necessity of enterprise knowledge management with “Common
Language*“. We are studying an intelligent information platform in the realm of production, named “SKIP” (Self Knowledge
& Information Expansion). This paper describes the overview of the “SKIP” and focus on natural language processing for
unstructured manufacturing information. Case study is an analysis of production reports in a metal press factory..
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Fig.3: Image annotation to the failure report
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Fig.5: Seasonal variations of Failure
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Fig. 6: Keyword Graph First Generated
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