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Detection of Preference Shift on E-Commerce Sites
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The purpose of this study was to increase sales opportunities by detection of the preference shift on e-commerce
sites and its triggers. In this paper, a method that applies time-series clustering on preferred products was proposed
to detect the preference shift timing. The features of the cluster and constraint of past clustering results were
also discussed using four sets of artificial test data to determine when the clustering result had changed. As an
experimental result, the preference shift timing could be detected according to the time-series variations of distance
between the centroids and the difference between the spaces of two states of the same cluster. Moreover, it was
confirmed that application of constraint of past clustering results helped to detect the preference shift timing

correctly.
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