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Dynamic Learning System Using Liner Time-Series Prediction and Reinforcement Learning
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Abstract: The purpose is to propose a dynamic system corresponding to flexibility to real world by combining the Linear
Time-Series Predicting and Reinforcement Learning, detecting the change of environment, and forecasting other agent's
behavior. The research showed a result that more excellent than past technique though it had error margin of forecast. It is
possible for a higher performance by dynamically correcting the parameter of the forecast algorithm because decrease in the
prediction error stops by a constant value.
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