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Phrase information such as subject-verb-object plays an important role in text analysis. The phrase extraction is usually

implemented as tree pattern matching on parse trees of text data. This paper proposes a new approach to pattern creation that

dynamically enumerates the top-k most frequent expanded patterns consisting of a given pattern and one additional word. In

this approach, users or programs can incrementally create a pattern by adding words from those which are frequent in the

context of a sub-pattern.
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