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What Does an Information Diffusion Model Tell about Social Network Structure?
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In social network, there are two representative information diffusion models such as the Independent Cascade
(IC) model and the Linear Threshold (LT) model. Using these two models, we analyzed how the structure of the
network affects the diffusion phenomena. For this purpose, we generated the Generalized Random (GR) network
to destroy community structure by rewiring links without changing the degree of each node, and compared the
results by plotting the influence degree against the node degree of the information source. There is a clear difference
between the IC and the LT models as well as between the original and the GR networks.
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