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In this paper, we consider formalizing the large-scale object clustering problem as a problem of maximizing the
corresponding submodular function. As its solution method, we focus on the greedy method with lazy evaluation.
Then we evaluate the performance of this method in comparison to a widely-used iterative improvement method for
the clustering problem. In our experiments using a network constructed from Japanese Wikipedia and a document
data set of Japanese newspaper, we demonstrate that the greedy method with lazy evaluation produces promising

results within a reasonable amount of processing time.
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