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State Action Set Based Reinforcement Learning for Time Dependent Events
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Abstract: Purpose of this research is developing method of reinforcement learning for objects that states changing related
time shift. Nature environment especially plants growth is changing in time line ( states changing related time shift ), so in
experiment of this research purpose is that new method applying to cultivation control in plant factory system.
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Fig.1 States about measure and control,
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Fig.2 Small scale plant factory system
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Fig3. Graph of result: ordinate is average of plants height,
adscissa is episodes.
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