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In this report, we present a semi-supervised learning method for a data stream that contains labeled and unlabeled
data. The instances in a data stream are assumed to arrive in a chunk. This method builds an ensemble of classifiers
by semi-supervised learning per chunk. This method adds weighted instances in old chunks to a current chunk in
order to supply a deficiency of labeled instances in the current chunk. The instances in the old chunk are weighted
by TrAdaBoost algorithm.Concept change is detetected based on a sum of weights of diffencially classified instanes.
The experiment using artificial data streams shows that the proposed method results higher accuracy.
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