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Multiagent-based traffic simulation, which can explicitly distinguish between a wide variety of each decision-
making entities, appear to be the best approach to reproducing and analyzing diverse traffic situations. In order
to model diverse traffic situations, such as vehicular traffic with significant numbers of senior drivers, it is essential
to model the individuality of drivers; almost all previous works assumed the uniform driver model. In order to
accomplish the key issue, we propose a novel methodology that can model each driver’s individual behaviour. The
proposed approach uses a 3D virtual driving simulator to collect realistic driving log data from human subjects.
We extract driving rules from the log data by interviewing each subject. We then construct unique driving models,
which can explain each driver’s behaviour, by the application of hypothetical reasoning. In this paper, we show
that our proposed method can generate driving models which represent different types of driving styles.
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