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Recently, a technology so called Rich Client is drawing attention and being introduced as a technology to enable high
usability of Web application systems. Rich Client is getting to be used to improve the low usability of Web application
systems developed by HTML, which is widely used for client side software. Ajax (Asynchronous JavaScript + XML)
supports asynchronous transmission techniques which is a fundamental technology of Rich Client. In this paper, we improve
existent Class Support System made with Web 1.0 technique (CGl, etc.) based on Rich Client and evaluate its usability. We

also discuss the degree of usability, operability and satisfactions.
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