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A Web Recommendation Algorithm Based on Transition Models
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We propose a recommendation algorithm based on transition patterns of users’ adoption. This algorithm uses
dataset-independent features, and aims to give a general-purpose method.
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P'(t) = P(t)Q, P(0) =1 (1)
At
L(At) = / P(t)dt 2)

gbooooooooobooooboboooobooooon
gooooooooooooooooooooooooooon
gooooobooooooobooobooooooooooon
goooooooooooooooooooooooooon
gopoooooooo crTMCOOOOO0OOOoOoooOO 30o
gboooomoboobooooobooooooooboooon
obobooooooooocooooooooooo

To t‘1 t‘z T

RICEAENPIN

TA T LR

03 0o000obooobboobobooobobooon

4. 0OU

gbobooooooboobooobobooboooboooooon
oo0oooOoOooooooooooOob0oO 20030 4000 10
oobooooooboob11200000000000 21140 URL
gooooooboooooooooooobobooooooooo
gooboooooooooooooboooooobooooo
gobooooooooocoooooooooooooooon
debdbooouobooobooboooooobooooboooon
gooobooboodoooooooooooooooooon
goooooooooooooooooooooooooon
gbooooooooobooooboboooboooooboon
gooooooooooooocooooooooooooon
gooooobooocoooboobooobooooooooooon
gooocoooooooo

goool1ooooboooobooooooooobooboboo
gobooogoooboooobobobooooooboooooon
gboooooboooboooooboooboooooooboobooooo
gbooooobooooooooobooooooooooooooon

010000
oo goooo DbOooooo boo
good 5.2 % 2.0 % 5.2%
gooodd 7.1 % 8.4 % 8.9%
oooo 5.7 % 5.5 % 6.3%

gooobooooooooboooooboobooooooooon
gooooooooboooooooooboboooooooo
goooooooooooooooooooboobooooooon
goooooooooboooooooooobooobooooooo
goboooooooo
goboooooobooboooooooobooooboooooao
goooboooooooboboooooooboobooooooo
gboooooooobooobobooooboooooooo
ooooooobooooooooooooooobooooooon
gooooooooooooooooocoooooooooo
o0 2000000000000000O0C000O0O0O000
goooooooobooooooooooboboooooon
gobooobooooooobooboooboooooo

5. g

gbooooooboooooooboooboooooboooon
ooooooooooooooobooooooooooooo
gooooooobooocooooooooobooooooooo
gooooooooboooooooooobooooooaonn
goooooobooooooboboooboobobooboooog
ooooboooooooooooooboobooooooboboo
gobooboooooooooooooooooooooooo
gobodoobooooooooooobooooooo

gooo

[Adomavicius 05] Adomavicius, G. and Tuzhilin, A.: To-
ward the Next Generation of Recommender Systems: A
Survey of the State-of-the-Art and Possible Extensions,
Knowledge and Data Engineering, IEEE Transactions
on, Vol. 17, No. 6, pp. 734-749 (2005)

[Rogers 95] Rogers, E. M.: Diffusion of Innovations, The
Free Press (1995)

[Song 07] Song, X., Chi, Y., Hino, K., and Tseng, B. L.:
Information Flow Modeling based on Diffusion Rate for
Prediction and Ranking, in Proc. WWW 2007 (2007)



