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In this paper, a study for search cost and solution quality in pseudo-tree based distributed constraint opti-
mization problem (DCOP) is shown. Some pseudo-tree based DCOP solvers are considered as a best-first search
algorithm. Therefore, consideration of efficiency of the best-first strategy will be important to evaluate difficulty
of the problems. We compose a basic benchmark problem. And the efficiency of the best-first search is evaluated

using a experiment.
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