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Imitation learning method for characteristic motion
embedded in unsegmented human-robot interaction
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This paper presents a novel method of a robot learning through imitation to acquire a user’s key motions
automatically. The learning architecture mainly consists of three learning modules: the switching autoregressive
model (SARM), a keyword extractor without a dictionary, and a keyword selection filter that refers to the tutor’s
reactions. In most previous research on methods of imitation learning by autonomous robots, target motions that
were given to robots, were segmented into several meaningful parts by the experimenters in advance. However, to
imitate certain behaviors through the continuous interaction with a person, the robot needs to find segments that
should be learned. In our experiment, an experimenter displayed several unsegmented motions to a robot, and the
experimenter reacted to the motions the robot had acquired. The results revealed that the framework enabled the
robot to obtain several meaningful motions that the experimenter expected the robot would acquire.
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