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Proposal of selection of training data based on internal parameter of SVM
and its Application to Shot Boundary Detection
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Support Vector Machine (SVM) is known as a general learning technique that derives classifier with high clas-
sification performance. Machine learning is more difficult when unsuitable examples to learn are included in the
training data. By removing unsuitable examples to learn in the training data appropriately, this paper proposes
the method to improve the generalization of the classifier induced by SVM. Our method improves generalization
without any significant loss of accuracy by relearning SVM. The effectiveness of the proposed method was proven

through the experiment on shot boundary detection.
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