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Understanding Everyday Life Behavior by Spatiotemporal-Semantic Mapping System
—Modeling Child’s Play Behavior and Its Quantitative Evaluation Based on Long-Term
Monitoring at Nursery School—
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This paper reports the progress of a case study of ”spatio-temporal-semantic mapping system (STS Map)
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Previously the authors proposed the STS Map and applied it to develop a model of child’s playing behavior and
design a new playground equipment based on the developed behavior model. This paper describes evaluation of
the developed play behavior model using child’s behavior data collected in cooperation with a nursery school.
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