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Finding Subforest Patterns with Frequent Occurrence of Similar Subforests
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We study a novel problem of mining subforest patterns with frequent occurrence of similar subforests, and propose
an algorithm for this problem. In our problem setting, frequency of a pattern is counted not only for equivalent
subforests but also for similar subforests. In order not to doubly count essentially the same parts of a tree, we
adopt the notion of locally optimal similar pairs of subforests. Our algorithm runs in time O(|T|*), where |T| is

the number of nodes in a given tree T
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