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A Development of an Auto Tagging System on Social Bookmark Services
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Social Bookmark Service is useful. Traditional bookmarks have problems about difficluty to manage and sharing
data on several environment. To use the service, these provlems are dissolved.
But there are still problems such as the problem of tagging. The tagging is a classification method in Social

Bookmark Services.

The purpose of this research is the development of an auto tagging system. This system resolve the problems of

tagging to tag bookmark instead of users.
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