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Effect of Probabilistic Penalty Policies on Speed Limit for Road Traffic

og og+
Hiroki Matsui

o0 O*

Kiyoshi Izumi

OO0 oog*
Ttsuki Noda

0000000000000
CMD Laboratory Inc.

“000000000000000000000000

Digital Human Research Center, National Institute of Advanced Industrial Science and Technology

“00000000000000000

Information Technology Research Institute, National Institute of Advanced Industrial Science and Technology

We investigate the effect of probabilistic penalty policies on speed control for road traffic. We examined the
rate of violators as the effect in some cases on condition that the expected value of penalty is constant using a
multi-agent simulation approach. In this paper, we show that the probabilistic penalty policies are not effective
in cases that the police is always in operation, however the policies are effective in cases that the operation of the

police is dependent on the violation rate.
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