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This paper proposes a new information criteria on Influence Diffusion Model (IDM). IDM is an algorithm to
measure the influence of terms, messages, and participants by counting the number of propagating terms throughout
message threads. The influence is designed to reflect the impact along with the context of topics of messages.
However, IDM tends to estimate the influence of frequent terms higher than that of its actual impact, because
frequent terms have more chance to propagate. To normalize such biased influence, I propose x2-influence, which
is measured from IDM and its expected influence, as a new influence criteria of IDM.
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