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Sensor data visualization for building energy management systems by dimensionality reduction
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In this study, we propose a data handling method that visualizes operation status of latent systems behind
observed sensor data by reducing their dimensionalities, preserving simirality of relationships between multivariate
time-series data. For this purpose, we built a low-dimensional state map in which system status can be easily
acknowledged by comparing correlation matrices for a certain period of time. We applied this method to real data
from building energy management systems(BEMS) and verified the novel approach for energy waste detection.
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