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Explaining A Discriminant Model Constructured by SVM in Text Categorization
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Support Vector Machine is a very good machine learning system and is used in text categorization widely.
However, we cannot understand the reason why it works well, because the discriminant model is represented by
a weighted sum of the features of documents, even if we use linear SVM. In this paper, we propose a method for
explaining a discriminant model constructured by SVM using weighted similarity in text categorization. We also
show the experimental results which indicates that our method works well.
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