The 22nd Annual Conference of the Japanese Society for Artificial Intelligence, 2008

2A1-4

ORI ZIRBL F TOMRILEEE O B O M
Investigating the Learning Speed of Reinforcement Learning with a Long Delayed Reward
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Abstract: It isknown that reinforcement learning with along delayed reward has a problem of dow learning speed. We propose alearning
algorithm, FABL, which is based on a heuristics. The heuristics tells that the fina action taken in a state is aright action in the state with
high probability. We experimentally demonstrate that FABL is much faster than Q-learning in maze learning tasks, although the shortest

pathis not always found by FABL.
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